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Compufational models:
from acoustics to semantics
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Datasets
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Cross-validated Representational Similarity Analysis
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Representational similarity analysis:
test for RDM-SDM association
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Acoustics to semantics in models and brain
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Behavioural results:
Perceived sound dissimilarity
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7T fMR results:
Posterior Superior Temporal Gyrus (pSTG)
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Behavioural results:
Perceived word dissimilarity
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7T fMRI results:
Heschl’s gyrus (HG, early auditory cortex)
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Sound2event DNNs: intermediate layers
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